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In the 1950s, Denmark was largely an agricultural country. In the post-war burgeoning industrialization, the mechanization of the agriculture industry expanded globally and it expanded fast. 
Also in Denmark. Tractors became more ever more powerful, versatile, and efficient. 
By the 1970’s,  one third of the jobs in the agriculture industry had vanished.
 
Today we are in the midst of another industrial revolution. What is called the fourth industrial revolution. 

Let’s digress:
First Industrial Revolution (Late 18th to early 19th century): Key Innovations were: Mechanization, steam power, and the cotton gin.
Second Industrial Revolution (Late 19th to early 20th century): Key Innovations were: Electricity, the internal combustion engine, steel production, and the telegraph.
Third Industrial Revolution (Mid-20th century): Key Innovations were: Electronics, computers, and automation.
Fourth Industrial Revolution (Present and ongoing): Key Innovations were: Cyber-physical systems, artificial intelligence, the Internet of Things (IoT), and advanced robotics.
The major difference is - that now - it is not just those with practical and menial tasks and jobs that will be displaced. It is also those in higher education, cognitive, and analytical tasks jobs
In many respects, this is what evaluation is about.  

This is exactly the topic I want to address today: What are the consequences of AI for evaluation? 



Agenda

1. What characterizes the evaluation industry?

2. What is AI in the context of evaluation?

3. How will evaluation practice be affected?

4. What does the future hold? 
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Basically, I want to address four questions and my presention is structured accordingly



What Characterizes the Evaluation Industry
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1. What Characterizes the Evaluation 
Industry?



Key Features of the Evaluation Industry

Market dynamic is demand driven
Sensitive to shifting government priorities and 
sourcing strategies

Public sector is a dominant procurer
Procurement, management and the practice of 
evaluation services have been increasingly 
institutionalized 

The evaluation market is segmented 
and multiple-layered 
Differentiators are national, regional, type of 
client, domain or methodological

Motley crew of providers

Often consortia of SME, evaluation
methodology experts

No globally dominant providers
This is seen in adjacent professional service 
fields such as auditing and management 
consulting.   

No definable market and easy access
VOPEs don’t track market trends, size, and 
shares. Competing knowledge forms
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In 2018 Sebastian Lemire, Tina Christie and myself edited an issue of New Directions for Evaluation. Herein, we defined the evaluation as a professional service based on a particular form of expert knowledge. We defined it as an industry delimited by offering “evaluation services [that] share an evaluative purpose and are offered through a set of activities informed by specialist evaluative knowledge” (p. 21-22).  Remember, In a market, there are buyers and sellers. 

In short, there are six dominant features of the evaluation industry




What is Artificial Intelligence in the Context
of evaluation? 
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2. What Is AI in the Context of Evaluation?



“
Think of Generative AI 
(currently) as a hyper 

intelligent, super creative, 
extremely knowledgeable, 

and totally unreliable 
assistant
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Dr. Thomas Terney
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Let me start with qoute by Danish researcher and tech entrepreneur, Thomas Terney:



Types of Artificial Intelligence
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Artificial
Intelligence

Neuro
Language 
Processing

Translation

Classification
and Clustering

Information 
Extraction

Machine 
Learning

Deep Learning

Predictive
Analytics

Speech

Speech-to-Text

Text-to-Speech

Image

Image 
Recognition

Machine Vision

Expert 
Systems

Planning, 
Scheduling and 

Optimization
Robotics

Source: Montrosse-Moorhead, 2023
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AI is not one thing. In a recent article, Bianca Montrosse-Moorhead offers an overview.
AI is in fact many different types of technologies that can be combined in different ways. I am not going into detail here. Suffice to say, these forms of AI are often present within a larger body of emerging digital technologies. 



(New) Kinds of data

• Satellites and drones
• Social Media
• Radio call-in programs
• Internet searches
• Mobile phones
• Telecom data records
• Program administration data
• Systems data
• Large-scale survey data
• Textual data
• Internet of Things (IoT)

(New) Kinds of data storage 
and organization

• Distributed Ledger 
Technologies

• Cloud Computing
• Edge Computing

(New) Kinds of data 
processing

• Machine Learning and 
Artificial Intelligence

• For quantitative 
analysis

• For text analysis
• For image analysis
• For network analysis

Emerging Technologies available for program evaluation

Source: Nielsen, 2023
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Drawing from the work of Michael Bamberger, Pete York and Kerry Bruce among others. I sought to collate how different digital technologies, mostly powered by AI may offer different opportunities in terms of access to new sources, new forms of data, data storage, and processing. 

In this speech, I will concentrate mostly on data processing      



Mature and Immature AI powered solutions 
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Another important point
One must distinguish between mature and immature technologies. 
Some are well developed while others are still nascent.  Mature technologies and solutions are often commodified and offered as off-the-shelf services.
Already, many different AI powered solutions exist that may help evaluators. I will return to this in short order.   
I can recommend to follow Razia Aliani on LinkedIn for useful updates    



3. How Will Evaluation Be Affected?
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Several observers have argued, that evaluators have been slow in adopting emerging technologies altogether. 
One of the pioneers, Linda Raftree, in the context of development evaluation, has argued that there has been three waves of proliferation: 
New data new sources, 
New forms of data capture, 
New forms of storage and processing (Raftree, 2020)   
We are still at a very emergent stage. 
Delving further into an analysis one has to look at risk of replacement through the augmentation or displacement of WHAT evaluators actually do. 
To this days there has been very little published on this topic: 
Sarah Mason has recently published a piece, wherein she analyzes the influence of AI by looking at the evaluators competencies based on AEA and CES requirements. This may be coined as a competencies perspective (Mason, 2023)
In another recent piece, I suggested that we have to become even more granular and look at what evaluators actually do. What task they solve. This may be coined the Task perspective (Nielsen 2023, 2024)
If we are to do a Task level analysis. We must distinguish between different service lines within the evaluation industry: 
Evaluation studies, 
M&E systems and 
Evaluation Capacity Building. 
I’ll return to this point. 




Key features in the Proliferation of AI in the Evaluation Industry

Evaluation providers’ competitive 
strategies 
Value propostions: Quality, time, price

Nature of the evaluation service
M&E systems, evaluation studies, evaluaiton
capacity building

Breadth and depth of the evaluation 
provider’s capability
Different methodologies and disciplines

Appropriateness of the technology

Evaluation question - Sources, types of data, 
analyses 

Size and duration of evaluation 
contracts
Larger vs. Smaller. ROI 
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But we must look at the key features in the proliferation of AI. I’d argue there are five: 

Competitive strategies. Most evaluation practice is contracted and the financial terms are fixed. Evaluation commissioners set the terms through requests for proposals (RfPs). Evaluation providers’ competitive strategies compete on price, quality, and timeframe. Put differently these pertain efficiency (at what cost the evaluation tasks can be delivered), effectiveness (at what quality the evaluation tasks can be delivered) and expedience (how quickly the evaluation tasks can be delivered).   

Nature of the evaluation service. As mentioned, evaluation services encompass building monitoring and evaluation systems, conducting evaluation studies, and building evaluation capacity. AI is more relevant in some services than others

Capability of the evaluator. The application of AI in evaluation practice will rely on the combined skills of the evaluation team. Evaluation teams often combine evaluation methodology and subject matter expertise.  A number of observers have argued that, if evaluators are to make full use of AI, evaluation teams must add competencies from data science to its team composition.

Appropriateness of the technology. Overall, some tasks and activities may be more at risk of displacement than others. In example, sources of data, types of data collection, tools for data management, processing and reporting are likely to change. Others, it may be more difficult. 

Size and duration of contracts. The size and duration of the contract, set by the commissioners of evaluation studies, is likely to be of importance for how AI affects the evaluation market. Some of the examples we have seen, herein the human capability, technology, and time invested in conducting algorithm-based text analytics is significant (Franzen et al, 2022; Næss et al, this volume). It may therefore prove too costly, time-consuming and cumbersome for small budget evaluations. 

Let me illustrate my point by exemplifying two arctypical cases of an evaluation study and building a M&E system.   



Project Management

Evaluation Studies – Task level breakdown 
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Design Structuring Data Collection Analysis Reporting UtilizationJudging

• Determine 
evaluation
question

• Select
research 
design

• Select
evaluation 
model

• Determine
deliverables

• Stakeholder
management

• Develop
detailed 
methodology

• Evaluation 
criteria

• Evaluation 
standards 

• Indicators 
• Project

planning
• Assign tasks

• Desk study
• Literature

review
• Collect

existing data 
from 
multiple 
sources

• Survey
• Interviews
• Participant 

observation

• Data 
manage-
ment

• Transcrip-
tion

• Translation
• Qual coding
• Quant 

analysis
• Data and 

source 
triangulation

• Performa-
tive analysis

• Compare 
against 
evaluation 
standards

• Contextual 
analysis

• Infer
judgment

• Data
visualization

• Findings
• Conclusions 

Recommenda
tions

• Write report
• Manage 

stakeholders

• Manage 
stakeholders

• Planning
• Adaptation of 

M&E system
• Consultation
• Advising
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Here is an example of a typical mixed-methods evaluation study. 
For pedagogic purposes it is presented somewhat more linear than in reality. 
My point is, the study is divided into a number of phases, which in turn is divided into a number of tasks and activities. 
In this example, I have colored in RED all tasks where AI solutions can displace human tasks, or at least augment them in terms of quality (effectiveness), efficiency (how many resources it takes) or expedience (how fast it is done).  
Across this example, much of what is difficult to replace is driven by relational skills and situational awareness.     



Project Management

Monitoring and Evaluation System – Task level breakdown 
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Design Planning Data Collection Analysis Reporting UtilizationAssessment

• M&E capacity
assessment

• Overall M&E 
strategy

• Design of 
M&E system

• Determine
deliverables

• Stakeholder
management

• Develop
indicators

• 8Qs
• Operationaliza

tion of all 
indicators

• Performancest
andards 

• Establish data 
mgt. function

• Annual cycle
planning

• Assign tasks

• Desk study
• Literature

review
• Collect

existing data 
from multiple 
sources

• Survey

• Data 
manage-
ment

• Quant
analysis

• Compare
against
perfor-
mance
standards

• Contextual
analysis

• Findings
• Data

visualization
• Tailored

reporting

• Manage
stakeholders

• Planning
• Consultation
• Advising
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Here is an example of a typical M&E system building assignment 
In this example, I have also colored in RED all tasks, where AI solutions can displace human tasks, or at least augment them in terms of quality, efficiency or expedience.  
Again, in this example, much of what is difficult to replace is driven by relational skills and situational awareness.
One thing that separates the examples is that the former is episodic, while this one is repetitive. 
You may argue, that this is speculative. I would argue, it is very real. Here’s some examples. 
     



“
Thematic coding of qualitative data

Using CoLoop to analyze 10 transcripts 
produced remarkably similar subthemes in 
10–20 seconds compared to nearly a dozen 
hours spent coding, reviewing, and 
summarizing data manually. 

Sabarre, Beckmann, Bhaskara & Doll, 2023:63
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In a recent article, Nina Sabarre and her team in a small boutique evaluation firm tested three established AI solutions to analyze qualitative data.   
One, a tool for literature review, did not fit so well to their task. The other two did. 



“Coding open ended survey questions

…Avalanche produced more granular 
themes than those identified manually. 
While less frequently cited, most of these 
could be appropriately grouped as 
subthemes under our manually produced 
themes. There were only a few instances 
where Avalanche did not identify a manually 
generated theme…” 

Sabarre, Beckmann, Bhaskara & Doll, 2023:65
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In a recent article, Nina Sabarre and her team in a small boutique evaluation firm tested three established AI solutions to analyze qualitative data. 
Avalanche 

These are examples of some of the cognitive tasks that can be displaced or augmented by AI solutions.
ECB is a different animal: relational, situational, process



“
Competencies that are highly 
social and highly creative and 
strategic—which may allow us 
to retain our specialized 
expertise as evaluators

Sarah Mason, 2023: 20
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We are facing a situation where many cognitive tasks previously managed by well-paid, highly educated staff will be handled by AI. Across different professions there is a pattern, that tasks that are highly relational, creative and strategic are the least replaceable. This is also Sarah Mason’s conclusion. 
This is a key finding, not just in evaluation, but in all professional services.   

The best way to illustrate this, is a recent fascinating study in management consulting. 
Boston Consulting Group (BCG) is known as a top-tier strategy consulting firm. They recruit among the best and brightest among the cohorts of recent graduates from elite universities from around the world. 
Management consulting shares many similarities with evaluation. In fact, many providers and individuals that do evaluation work identify first and foremost as management consultants, not as evaluators. 
It is a professional service, wherein you have to deliver advice based on analysis, expertise, contextual awareness and relational skills in managing stakeholders.

 



Study on Generative AI interaction in management consulting

• Collaboration experimental study: Harvard, MIT and BCG. 
• Study population: Boston Consulting Group study (N=758)
• Participants incentivized
• Five hours 
• Experimental design. Control group, two intervention 

groups; GPT only and GPT with prompt overview
• Pre-test on assessment tasks (realistic tasks)
• Random Assignment based on: Initial assessment task 

score, Big 5 personality traits, and demography
• Two experimental assignments. One inside frontier and one 

outside (18 realistic tasks)
• Assessed on quality (human graders and AI grader), task 

completion and speed 
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Consultants
Pre-test scores

Business as 
usual

GPT onlyGPT + 
prompt

Inside frontier tasks Outside frontier
tasks

Results
(quality, speed, task

completion)



Findings from trial

• Inside the frontier tasks
• Across 18 realistic business tasks, AI significantly 

increased performance and quality for every model 
specification 

• Effectiveness: Performance (as rated by 
humans) increased by more than 40% 

• Efficiency: Task completion increased by more 
than 12% 

• Expedience: Increased speed by more than 25% 

• Outside the frontier tasks
• Effectiveness:
• Correctness: Control group was correct about 

84.5%, while the AI conditions scored at 60% and 
70%

• Quality recommendation, the treatment GPT + 
Overview (25% increase over the control). GPT 
Only increased 18%

• Efficiency. Not reported
• Expedience. GPT + Overview increased speed 

30% and GPT Only increased by 18%
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In summary:

• Inside the frontier tasks: Benefitted bottom-half 
performers the most, although all users benefitted 
from AI. 

• Outside the frontier tasks: It was only when tasks 
were outside the frontier that we saw performance 
decreased as a result of AI. 

• “On those tasks, this study highlights the importance 
of validating and interrogating AI and of continuing to 
exert cognitive effort and experts’ judgment when 
working with AI.” (Dell Aqua et al, 2023:15)
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In sum, AI will solutions evolve dramatically and offer technological solutions that will change evaluation practice as we know it. Particularly so, with routine, predictable, and structured tasks. 
 
Remember Thomas Terney’s point! 
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4. What Does the Future Hold?
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So with all this, what are the consequences for evaluation practice?



What Evaluators Evaluate Will Change
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With the increased proliferation of AI - how we work, and what services will be offered to citizens will change dramatically. 
A recent report by management consulting firm, McKinsey, predicts that by 2030, activities that account for up to 30 percent of hours currently worked across the US economy could be automated—a trend accelerated by generative AI. 
However, they suggest that generative AI enhances ways STEM, creative, business, and legal professionals work rather than eliminating a significant number of jobs outright. 
Automation’s biggest effects are likely to hit other job categories: Office support, customer service, and food service employment which could continue to decline. 

Here’s a couple of examples:

When recruiting for positions in the Swedish municipality of Upplands-Bro, candidates face an unusual interviewer. 
Since 2019, the interviewer is a physical robot powered by artificial intelligence. 
The robot will ask the applicant questions and assess the candidates by analyzing their behaviors, problem-solving capacities, and other skills. 
The aim is to make the recruitment process less biased than traditional interview practices. The robot’s interviews are subsequently analyzed and combined with competency scores from the initial application. The robot ranks promising candidates prior to recruiters conducting the final interview with candidates for the position (Misuraca & Van Noordt, 2020).

In recent years, combat drones have been a presence in the skies over conflict zones such as Afghanistan, Nagorno-Karabakh, Libya, and Ukraine. These drones, unmanned aerial vehicles (UAV), provide real-time data for reconnaissance, surveillance and, deadly aerial weaponry. 
The use of UAV’s has moved from intelligence gathering to counter-terrorism or counter-insurgency warfare into full-scale conventional combat. 
Today, more than 100 nation-states’ armed forces possess these capabilities. 
Particularly, the Ukraine conflict provides a pointer to UAV's importance in future warfare as the technology becomes ever more sophisticated as it is linked to artificial intelligence (AI) (Marcus, 2022).

In evaluation much evaluation work takes place in the human services, education, public health, and health sectors. It s expected by said McKinsey, that the AI driven automation will affect these sectors the most in the future. 

When WHAT we evaluate changes then HOW we evaluate will inevitably change too.   





“The evaluation community 
is well-positioned to 
provide leadership on the 
evaluation of and use of AI, 
including what criteria 
ought to be used.

Montrosse-Moorhead, 2023: 124
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So what is at risk for the evaluation community and evaluation as a professional service? 
We are at risk of being squeezed out from competing forms of knowledge production and other fields of expertise. Remember industry boundaries are permeable. 
Therfore, there is a need to bring to the attention the salience and critial importance of evaluating what this new technology brings to the table. 

One characteristic of evaluation is the line of reasoning – evaluative thinking – through which we evaluate. 

In formal evaluation  evaluative judgment, implicitly or explicitly, involves four steps:
Define evaluative criteria.
Set standards of performance for said criteria.
Measure performance; and
Arrive at a judgment about performance based on synthesis of criteria, standards, and evidence  

This process should be applied for WHAT we evaluate, but it should also be applied wihtin evaluation if we are to adopt AI in HOW we evaluate. 

It is central that the evaluation community explain policymakers that, in the face of such a potent technology, we need evaluation more than ever before. 

However, internal to the evaluation practice we also need to be diligent and critical in our adoption of AI.     

Recently, Bianca Montrosse-Moorhead has argued that there are seven criteria against which we should judge the adoption of AI solutions in evaluation

Efficiency of process
Equity of process
Effectiveness
Trust
Methodological validity and trustworthiness
Understandability
Equity of resulting information and evidence

 



Team Expertise Composition Will Change

Subject Matter Expert Evaluation Expert
Provides evaluation methodology

and competencies

Data Scientist
Provides technical expertise in data 

capture, storage and processing
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Provides in depth knowledge about
the subject matter evaluated

AI solutions
Work alongside one

or several
technologies
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So what more, do I expect will change within evaluation practice? 
In the future Evaluation dream teams will consists of:

SME
Evaluation experts
Data scientist and
AI solutions that generate content  

In short, HI/AI will work together. 

At a more general level, Harvard professors Wilson and Daugherty have introduced the notion of collaborative intelligence, where professionals (and non-professionals) play a critical role in training, explaining, and sustaining AI to make full use of its potential (2018). 

Zooming in on the field of evaluation, Frans Leeuw has argued that we foresee a future wherein artificial and human intelligence will need to collaborate in evaluation also. One must assume that the use of LLM may be stretched as far as possible in fulfilling this ambition. 

Some evaluation tasks are most likely still left to humans such as those associated with evaluative thinking as per my previous slide. 

Tasks such as determining overall research design, establishing relevant evaluation criteria and standards, selection of appropriate sources, critical questioning, assessment of data credibility, evaluative synthesis and judgment are most likely still going to handled by expert evaluators. Yet, there remains a potential that such tasks can be augmented by AI. 

In other fields, such as medicine, AI solutions function as decision support and thus augment professional diagnosing, reasoning, and judgment. There is no reason to believe this will be any different in evaluation. 




Team Experience Composition Will Change 
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Finders

Minders

Grinders
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In most scientific research, management consulting, law, and evaluation. The delivery organization consists of finders, minders, and grinders.  

Most likely, we anticipate a future where evaluators will work alongside digital ETs and apply them to a much larger extent than today (Leeuw, 2020). 

Arguably, some more menial tasks will be fully, or partially, displaced by technology, while others will be augmented by access and processing of new and larger data sets. 

More or less automatable tasks such as interview transcriptions (Da Silva, 2021), translations, screening of administrative documents, abstracts in literature reviews, and high-level coding of texts are likely to be delivered by AI powered solutions (Leeuw, 2020). 

The consequences for entry level evaluators (grinders) remains to be seen. The findings from the BCG trial may suggest that the pyramid structure of professional service firms may change. It will depend on how well evaluation providers can leverage AI solutions to displace tasks for entry level and mid-level employees. I anticipate that team composition will change with less at the bottom.    
 




01 02 03 04

Upskilling, AI literacy

EVALUATORS
Grow talent, hire talent, 

collaborate to develop AI 
capabilities 

EVALUATION PROVIDERS
Evaluator competencies, 

upskilling programs, advocacy 
policy-makers

VOPES
Adapt education curriculum, 

develop competencies

EDUCATIONAL INSTITUTIONS

What Different Actors Need to Do
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Individual evaluators may want to develop basic AI literacy to critically understand and appraise AI potential, identify ethical issues, and potentially apply AI solutions. This kind of upskilling will be necessary as AI evolves rapidly. 

Evaluation providers, as actors in the wider professional service industry, must choose adaptation strategies when changes in the market dynamics emerge. 
They must grow requisite competencies from within their own organization, 
hire the talent, 
or collaborate with data science providers. 
Obviously, economic acumen, market position and business strategy may prompt evaluation providers to opt for different strategies. Larger providers will likely invest in competency development programs and hire talent, whereas smaller providers are more likely seek collaboration, or await commodification of AI powered solutions to be exploited at lower investment costs.
For sure, evaluators need to learn for collaborating with data science. 

Voluntary Organizations for Professional Evaluation (VOPEs) potentially play a crucial role in positioning evaluation as an indispensable form of knowledge for decision-makers.
VOPE’s need to advocate what skills and competencies evaluators can bring into the development and exploitation of AI such as its understanding of theory, causality, validity, ethics, equity, valuing, and judgment (Leeuw, 2020). 
Yet, the boundaries between evaluation and other adjacent knowledge producing services are permeable. 
Evaluation is one of several forms of knowledge competing to inform decision-making. – And Evaluation does not hold a privileged position. 
VOPEs must also face the challenge of AI by strategically appraising future evaluator competencies. AI literacy should be incorporated in existing evaluator competency frameworks. This should lead to targeted upskilling and reskilling programs focused on building AI literacy widely in the evaluation community.

Educational institutions offering evaluation programs and training must incorporate AI in the curriculum and as learning outcomes. To this day, this has been neglected and must be rectified swiftly.       




Some Resources
• Sabarre et al. (2023).Using AI to disrupt business as 

usual in small evaluation firms. 
https://doi.org/10.1002/ev.20562

• Nielsen, S.B. (2023). Disrupting evaluation? 
Emergingtechnologies and their implications for the 
evaluation industry. https://doi.org/10.1002/ev.20558

• Mason, S. (2023). Finding a safe zone in the 
highlands:Exploring evaluator competencies in the 
world of AI. https://doi.org/10.1002/ev.20561

• Dell'Acqua et al (2023). Navigating the Jagged
Technological Frontier: Field Experimental Evidence 
of the Effects of AI on Knowledge Worker
Productivity and Quality. 
http://dx.doi.org/10.2139/ssrn.4573321

• https://merltech.org/
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So, we are in the midst of an industrial revolution. As a quasi-profession evaluators must adopt and they must adopt quickly. There is a unique opportunity for evaluators, but we must help it happen. It does not happen by itself.  Thank you. 

https://doi.org/10.1002/ev.20562
https://doi.org/10.1002/ev.20558
https://doi.org/10.1002/ev.20561
https://dx.doi.org/10.2139/ssrn.4573321
https://merltech.org/
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